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The Role of AI in RMIS and Claims Management 

▪ Overview of AI Technologies

▪ The evolution of AI in risk management and claims processing

▪ Current Challenges in RMIS and Claims Management

▪ How AI can power RMIS and claims management solutions for 

data-driven decision-making?



Overview of AI Technologies

▪ Artificial Intelligence

▪ A branch of computer science dealing 

with the simulation of intelligent 

behavior in computers. 

▪ AI is defined as the capability of a 

machine to imitate intelligent human 

behavior.

▪ Examples:

▪ visual perception

▪ speech recognition

▪ decision-making

▪ language translation

AI

Artificial Intelligence

ML

Machine Learning

DL

Deep Learning

Generative

AI



The evolution of AI in risk management and 
claims processing

Early Automation and Rule-

Based Systems (1980s-

2000s)

Rule-Based Systems:

The first AI applications 

in risk management and 

claims processing were 

largely rule-based 

systems. These systems 

followed predefined rules 

and logic to automate 

routine tasks like policy 

administration, claims 

routing, and basic fraud 

detection.

Introduction of 

Models (2000s-

2010s)

Predictive Analytics: As 

data availability 

increased, insurers 

began using predictive 

models to assess risks, 

forecast claims costs, 

and improve underwriting 

decisions. For example, 

actuarial models based 

on historical data became 

more accurate and 

started to incorporate 

variables that could 

better predict outcomes.

Machine Learning 

and Advanced AI 

Applications 

(2010s-Present)

AI-Driven Claims 

Automation: The 

introduction of machine 

learning allowed insurers 

to automate more 

complex tasks such as 

claims processing, 

underwriting, and fraud 

detection. AI algorithms 

could process data faster 

than humans, identify 

anomalies, and predict 

which claims were more 

likely to result in litigation 

or escalation.

Real-Time AI and 

Continuous 

Learning Systems 

(Emerging)

Real-Time Risk 

Monitoring: AI systems 

can monitor risks in real-

time

Continuous Learning:

Modern AI systems are 

moving beyond static 

models. Continuous 

learning systems adapt to 

new data without 

requiring retraining from 

scratch.

Predictive 

Analytics and 

Prescriptive AI 

(2020s-Beyond)

Predictive Analytics 

Matures: Modern 

predictive models 

incorporate real-time data 

from IoT devices, 

weather reports, and 

other external sources to 

assess risks dynamically. 

Prescriptive Analytics:

AI now provides 

prescriptive analytics, 

recommending actions to 

mitigate risks or optimize 

claims outcomes. 



Automation & AI Continuum 

Robotic 
Desktop 
Automation
with manual 
intervention

Robotic 
Process 
Automation with 
digital triggers or 
self-service

Machine Learning
with prescriptive 
analytics & decision 
engines

Artificial 
Intelligence
with deductive 
analytics

Process-driven

Data-driven

Doing Thinking



Current Challenges in RMIS 
and Claims Management

▪ Data silos and integration issues

▪ Inefficient manual processes

▪ Vast amounts of unstructured data

▪ Difficulty in Predicting and Mitigating 

Emerging Risks

▪ Compliance and Regulatory Challenges

▪ Lack of Real-Time Analytics and 

Reporting



AI Powered Data Analytics in Practice

▪ Predictive Analytics & 

Machine Learning

▪ LLMs & Generative AI

▪ Data Mining and Trend 

Analysis



Predictive Analytics & Machine Learning

▪ Who has been “Predictive Analytics” to death over the last 10 

years?

▪ Who has seen something like a ‘Severity Risk’ predictive analytic 

score in relation to claims?  This is a score to identify the 

probability a claim will be among the top % in incurred value

▪ Who has then looked at a claim that was flagged by this predictive 

model, and realized that any adjuster with a year in the business 

could have recognized that this is likely to get ugly?



Predictive Analytics & Machine Learning

▪ What’s made this growth in predictive models and analytics over 

the last 10 years possible?  Machine Learning

▪ Generalized Linear Models were the tools historically used by 

actuaries to develop rates

o Identify Rating Factors: Age, Marital Status, Zip Code

o Build a Rating Model: Predictors, Target Variables, Distribution

o Apply Statistical Tools: Regression Analysis using R



Predictive Analytics & Machine Learning

“Training a linear logistic regression model used to be a nontrivial 

homework problem, worthy to give to new machine learning Ph.D. 

students at Carnegie Mellon University in 2014. By now, this task can 

be accomplished with under 10 lines of code, putting it firmly within 

the reach of any programmer.” 

(Dive into Deep Learning)

https://d2l.ai/chapter_introduction/index.html


Predictive Analytics & Machine Learning

▪ Provider Scoring

o Interesting, but we all kind of already know the Dr. Feelgoods in our area

o Maybe it’s relevant - from a legal perspective, could the fact that certain 

doctors have significantly worse outcomes be relevant / useful?

▪ Attorney Scoring

o This is a more interesting problem - evaluating attorneys is hard

o We actually have a product around this called LAMBDA.  We look at cost 

adjusted claim outcomes based on Attorney Selection, moving the focus 

away from the hourly rate to total cost and quality of outcomes.



Predictive Analytics & 
Machine Learning

▪ Adjuster Scoring

o This is a really interesting problem

o Sort adjusters into quartiles by 

outcome.  On a WC lost time desk, 

the difference between a top and 

bottom quartile adjuster would likely 

be in excess of $100,000 / year.





LLMs & Generative AI

GPT 3
o Tokens: 4K In / 4K Out

o Fun toy, quick notes, simple 

questions

o A high schooler with a vivid 

imagination

GPT 3.5 
o Tokens: 4K - 16K In / 4K Out

o A college graduate with an 

incredibly broad body of 

knowledge and the ability to 

reason logically

GPT 4 / 4o
o Tokens: 8K - 128K In / 4K-8K 

Out

o Added the ability to use voice & 

visual inputs, data analysis

GPT o1
o Tokens: 128K In / 32K-64K Out

o A post-graduate with an 

incredibly broad body of 

knowledge and the ability to 

reason logically



Operationalizing Machine Learning & AI

▪ How do we avoid the fate 

of predictive analytics?
▪ Two kinds of problems:

o Big question & lots of data: 

Traditional ML

o A lot of small questions: LLMs + 

Automation



Operationalizing Machine Learning & AI

▪ Traditional ML - Anti-Fraud in 

2-Sided Marketplace

o 500,000 Claims / Year

o Average Claim < $1,000

o Typical Fraud Vector: Collusion

o Average Fraudulent Claim - $500



Operationalizing Machine Learning & AI

▪ LLMs + Automation -

Automating repetitive low 

complexity Tasks

o List to List Lookups

o Document Data Extraction

o Claim Triage

o Claim Audits



Operationalizing Machine Learning & AI

▪ LLM Demos

o Claim Coding

o Document Data Extraction

o Claim Triage / Bat Phone









Who is TrueBlue:
✓ TrueBlue is a staffing services company serving ~50,000 clients in the US each year by putting 

~400,000 people to work.  TrueBlue employees work in all states and in all industries.

✓ TrueBlue employees report ~3,000 injury incidents per year.

✓ TrueBlue delivers services via a brick-n-morter branch network and a digital application.

✓ TrueBlue has grown to ~$2B in revenue organically and via acquisition.

✓ TrueBlue is a public company with material work comp reserves of ~200M.

Scope of Challenge:
➢ We have all of the challenges listed on slide 9  - and more! 

➢ We are actively looking to AI and ML to assist our team with the challenges in partnership with our 

TPA, RMIS partner, and experts like Pat and Peter.

➢ Specific interests include predictive analytics, litigation propensity, fraud propensity, as well as growth 

propensity.  Claim administration is key also but mostly for the TPA.

➢ Underwriting to understand how we are performing by customer, industry, job title, state, etc.



Strategies for Success

▪ Overcoming Common Challenges

▪ Future-Proofing Your AI Strategy

▪ AI Trends



Overcoming Common Challenges



Future Proofing Your AI Strategy

Get smart on AI-related technology and trends

Identify use case and benefits

Determine data and technology requirements

Identify necessary resources

Create a flexible roadmap

1

2

3

4

5



AI Trends

▪ Real-Time Data Processing and 

Analytics

▪ Integration of Internet of Things 

(IoT) 

▪ Natural Language Processing 

and Generative AI

▪ Robotic Process Automation 

(RPA) Combined with AI

▪ AI-as-a-Service



CONNECT WITH ME. 

PAT O’NEILL

e: poneill@redhandadvisors.com

T: 404.666.0418

w: redhandadvisors.com

BRENT PICKENS PETER SMITH

e: peter.j.smith@aon.com

t:401.323.5307

w: www.aon.com

e: bpickens@trueblue.com

T: 703-334-1738

w: trueblue.com
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